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Application of Machine Learning Techniques for the retrieval of Cloud Properties

for the Copernicus Satellites Sentinel-4 (S4) and TROPOMI / Sentinel-5 Precursor (S5P)

1. Sentinel-5 Precursor (S5P) and Sentinel-4 (S4) are passive earth observation satellites

DLR is responsible for the operational CLOUD product
F EE.TT EEee  CTP S Tow SEee  COT SN T

Sentinel-5P Sentinel-4

2. How to replace RTM by NN? = NNLifecycle chain:
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4. Operational Performance: 3. NNs can provide sufficient accuracy to replace RTM
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